[a] A telecom company is using K-means clustering to segment customers
based on monthly usage patterns. The company tested different values
for the number of clusters, K, and recorded the inertia for each. In K-
means, inertia measures the sum of squared distances between each data
point x; and the centroid cx of its assigned cluster Cy: 4] |CO1, CO6|

Inertia = Z lx; — Cpll?
k=1 ieC, =— -
® - % ———
The inertia values recorded for different cluster counts K are shown
below:
Table 111
K ] 3 4 5 6

Inertia | 3500 | 2500 | 1800 | 1200 | 1000
Explain inertia in K-means clustering and why it decreases as

K increases) Determine the optimal K based on the inertia values,
describing/how the “elbow method” can help.
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Distance Metrics
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Euclidean: Continuous Data NESETED N
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Hamming: Categories
Cosine: Word Counts >
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Reading a Dendrogram
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